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U Absolute reductions minus reductions for the no-contact control (or the most similar group to a no-contact control available).
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Recommendations can be ‘P’ for ‘personalised’ or ‘GG’ for ‘general’ or ‘X’ for none given.

Effectiveness may increase in the future

The effectiveness of disaggregated feedback may increase if:

 The general population become more energy-conscious (e.g. if T H=hourly, D=daily, M=monthly, Y=yearly, B=current billing cycle.
energy prices rise or concern about climate change deepens); # Paper is silent on this question. Assume the worst.

* Or if users’ trust in fine-grained disaggregation increases;

* Or if innovative new approaches or alternative disaggregation

Y Volunteer bias can be ‘H’ for ‘high’ (subjects sought out the intervention) or ‘L’ for ‘low’ (subjects were approached by the
experimenters but only a fraction agreed to participate).

“Dobson and Griffin 1992 do not state exactly how households were recruited. They write “100 all-electric households were qualified
from a random sample drawn from a population of approximately 8800 such houses”. 1 assume households were not forced to
participate so they must have self-selected to some extent.

strategies (e.g. disaggregating by behaviour rather than by ® A washing machine control was simulated on a computer. The reported energy reduction is only for the simulated washer. The

appliance) out-perform existing feedback. no-feedback-no-goal condition and the feedback-no-goal conditions achieved the same reduction (11%), hence the difference in energy
savings between those two conditions is 0%.

“ One group received both real-time energy feedback for the cooker and a printed information pack of general recommendations but
this group achieved lower energy savings (8.9%) than the group which only received energy feedback.

More field studies required!

* Need large, opt-out, randomised controlled trial.

* Compare agg. feedback on IHD vs. disag. feedback on IHD.

* Compare (agg. on IHD with disag. on website) vs. agg. on IHD.
* Compare fine-grained versus coarse-grained disag. feedback.

¢ BCOIS-I started with 9 houses but one house was excluded because it had solar PV installed.

© Ueno et al. 2006b report that the “average ambient temperatures before and after installation were 6.4 and 6.8 ° C, respectively.

Generally, the power consumption of the whole household increases with the fall in ambient temperature in winter; hence, it is
thought that the true effect was more than this 9% value.”

/ Aggregate data was displayed real-time. Disaggregated data was not real-time.





